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Over the last thirty years, ten European winter windstorms cost more than 2 billion USD each and caused many fatalities. An advance estimate of the potential losses associated with an upcoming storm would be of particular interest for public
services as well as private companies such as insurers. Indeed, in the aftermath of such disasters, the compensation process, key process of the reconstruction, is often slowed by the unexpected amount of claims. At AXA we have developed an
early warning tool called SWIFT (Severe Windstorms Forecasting Tool), designed to (i) alert on upcoming intense European winter windstorms and (ii) provide estimates of the potential total loss and number of claims for the French exposure
portfolio. At AXA, its primary objective is to enable claims management departments to launch anticipated action plans adapted to the size of the upcoming event. SWIFT is organized in two modules: the first one detects and extracts the surface
wind speeds associated with an intense upcoming event from meteorological forecasts provided by the NCEP Global Forecasting System; the second one converts the wind speeds into a loss and a number of claims for the French exposure.
Entirely developed from the case study of two historical events (Klaus 2009 and Xynthia 2010), SWIFT has been running automatically since the 2013 / 2014 winter season, detecting most of the major events. While SWIFT was first developed for
European windstorm, it is now a global tool that is able to detect also tropical cyclones and assess losses on portfolios in exposed regions.
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the event information from the model output 6 days ahead. l with specific characteristics. We implemented the DBScan algorithm [2].
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distinct events and their respective footprints. Also, the detection algorithm based on SSI enables a good forecast of

smaller events such as the so-called Mediterranean tropical-like cyclones and winter storms in Europe, several days Conclusions

ahead.
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